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ABSTRACT 

What factors influence trust in different news sources? The goal of this study is to examine the role of various 

demographic factors: gender, age, educational attainment, political leaning, and frequency of social media use. 

This paper reports relevant results from a crowdsourced experimental study focusing on reporting of science 

news online. Significant findings include that conservatives place higher trust in fake news than moderates (p < 

0.05), liberals place higher trust in mainstream media than moderates (p < 0.05), liberals place higher trust in 

scientific journals than conservatives (p < 0.01) and moderates (p < 0.05), and less frequent users of social media 

place higher trust in fake news than do more frequent users of social media (p < 0.05). Based on these results, 

political leaning and frequency of social media use influence trust in fake news, while political leaning also influ-

ences trust in mainstream media and scientific journals. These findings shed new light on the important issue of 

trust in news sources, illustrating the importance of considering political leaning and frequency of social media 

use in assessing trust in different news sources. These results further underscore the current degree of polari-

zation present in the American public’s perceptions of different online science news sources. 

KEYWORDS 

Trust, fake news, mainstream media, scientific journals, gender, age, educational attainment, political leaning, frequency of 
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INTRODUCTION 

Trust in digital information is a vitally important topic, as trust is critical to the proper functioning of society, and social media 

is increasingly ubiquitous and powerful within society (Kelton, Fleischmann, & Wallace, 2008). The 2017 Gallup/Knight 

Foundation Survey on Trust, Media and Democracy identified several disturbing trends related to the general public’s lack of 

trust in online information. For example, while 84% asserted that the news media play a “critical” or “very important” role in 

our democracy, and 70% adults reported using online platforms such as Google or Facebook to get news “frequently” or “oc-

casionally,” 73% responded that “the spread of inaccurate information on the Internet” is “a major problem,” the most fre-

quently selected category. Overall, trust in the news media is on the decline, with the level of media trust declining from 54% 

in 2003 to 41% in 2017, and “Internet-only news websites” and “news aggregators” had lower trust ratings than “your local 

newspaper,” “national network news,” “major national newspapers,” and “cable news” (Gallup, 2018). 

The goal of this paper is to dig deeper into the role of demographic factors such as gender, age, educational attainment, political 

leaning, and frequency of social media use on trust in different sources of online science news, including fake news, mainstream 

media, and scientific journals. The paper reports results from a larger study on factors that influence trust; a previous paper 

(Verma, Fleischmann, & Koltai, 2017) also reported a different subset of findings from the same study; the prior study reported 

data on clicking behavior and human values, and did not involve any analysis of demographic factors, the focus of this paper. 

The findings of this study shed new light on the relative importance of demographic factors in influencing trust, employing an 

experimental design rather than the more common approach of using surveys; as such, we can measure trust more directly, 

rather than relying on individuals to accurately assess and report their more abstract trust ratings in broad categories of online 

news sources. 

BACKGROUND 

Gender 

Prior studies have found evidence that gender can have an impact on the formation of trust judgments. For example, a study on 

how Chinese students assess Wikipedia pages found that information accuracy, stability, and validity were all significant 

predictors of trust in information in Wikipedia, and that each of these factors was associated with gender, with males relying 

significantly more heavily on accuracy and stability, and females relying significantly more heavily on validity, which they 

define as relating to how information was collected and cited (Huang, Shi, Chen, & Chow, 2016). Thus, females focused more 
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on the process, while males focused more on the product. A study that focused on the acceptance of a mobile payment system 

found that perceived trust in the system influenced attitudes more in women than in men (Liébana-Cabanillas, Sánchez-

Fernández, & Muñoz-Leiva, 2014). A study that focused on how journalists source and trust information found that men showed 

slightly higher levels of trust in online news sources (Heravi & Harrower, 2016). However, a study on Facebook and privacy 

did not identify any differences in trust across gender (Malik, Hiekkanen, & Nieminen, 2016). Overall, findings regarding the 

effect of gender on trust in online news sources seem to be inconclusive, leaving room for further research. 

Age 

Age is one of the most commonly discussed demographic factors when it comes to information online, including trust in news 

sources. The 2007 Gallup/Knight Foundation Survey found higher use of online news sources among younger adults than 

among older adults. While more adults aged 65 or older had a favorable rather than unfavorable opinion of news media, in the 

18-29 age group more than twice as many had an unfavorable opinion of news media. However, the survey also found that a 

majority of adults within each of the four different age groups surveyed assert that “fake news” is “a very serious threat” to 

democracy (Gallup, 2018). Recent surveys have shown dramatic increases in Internet and social media use by older adults 

(Pew Research Center, 2017a, 2017b). A study across European countries looking at the social participation with news online 

(e.g., sharing news stories online, commenting, talking with friends online about news stories) found no relationship between 

age and social participation (Hoelig, 2016). However, another study looking at privacy and trust on Facebook found that 

younger adults displayed higher trust levels towards Facebook than older adults (Malik et al., 2016). A study focusing on 

journalists found that younger journalists had a higher level of trust in online sources from social media compared to other 

sources; while the authors did not find a correlation between trust and age, they did note that trust seemed to trend downward 

for older adults (Heravi & Harrower, 2016). A survey about online sources for campaign information found low trust among 

both older adults and younger adults in online media (Towner & Munoz, 2016). In general, findings regarding age and trust 

online seem inconclusive, again demonstrating the need for further research on the role of demographic factors in influencing 

trust in online sources. 

Educational Attainment 

Prior studies regarding educational attainment also report fairly mixed results. For example, the study looking at social partic-

ipation in Europe found that educational attainment did not impact social participation in online news (Hoelig, 2016). However, 

the Gallup/Knight Foundation Survey found that those with “postgraduate” education and those with “high school education 

or less” had higher trust in media than those with “some college” or a “four-year college degree only” (Gallup, 2018). Thus, 

there is also more room for exploring the relationship between educational attainment and trust in online news sources. 

Political Leaning 

In this age of partisan news, there are stark differences in how people with different political leanings consume and trust media. 

For example, the Gallup/Knight Foundation Survey found that overall trust in media was higher among liberals than conserva-

tives (Gallup, 2018). Pew Research Center (2014) reported that in a survey covering 36 news sources, liberals expressed more 

trust than distrust in 78% of the new sources, while conservatives expressed more trust than distrust in 33% of the news sources, 

a stark difference. Conservatives strongly unified around a single outlet, Fox News, which was trusted by 88% of conservatives. 

Pew Research Center (2017c) also found that liberals are more likely to trust mainstream scientific outlets. There is, however, 

a need to take a deeper look into the role of political leaning, particularly in the wake of recent growth of fake news. 

Frequency of Social Media Use 

Finally, frequency of social media use is an important factor because the general assumption would be that those who are more 

familiar with social media outlets (high social media use) may be more adept at assessing online news media and may have 

higher trust. 67% of US adults get their news from social media, with 74% of Twitter users and 68% of Facebook users using 

the respective sites as news outlets (Pew Research Center, 2017a). An important aspect to consider is the distinction between 

online skills (e.g., how familiar people are with using social media platforms, how long they have been using the Internet) and 

the use of online news media (e.g., how often they use it). In a study on online news media and interactive news features (e.g., 

commenting), findings suggest that those with higher self-reported online skills used online news media more frequently than 

those who had lower skills (Opgenhaffen & d’Haenens, 2012). Interestingly, it was not gender or age that predicted the differ-

ence in the frequency of use of online news media, or even the length of time using online news media, but rather their own 

self-perceived online skill level (Opgenhaffen & d’Haenens, 2012). Another study found that those with high knowledge of 

social media also have higher trust in social media, but also found that having increased trust in social media does not seem to 

have any significant relationship with trust in any other news outlet (Heravi & Harrower, 2016). This supports previous work 

that found that time spent surfing news websites correlated with decreasing skepticism toward online news when controlling 

for demographic variables (e.g., age). Interestingly, another study from Israel found that those who were less experienced online 
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became more skeptical as they were exposed to more online news sources (Tsfati, 2010). Again, there is a need for further 

research to explore this topic.  

Research Questions 

Based on this review of the literature, our main research question is: “Do demographic factors affect trust in online news 

sources?” Specifically, we ask whether the specific demographic factors of gender, age, educational attainment, political lean-

ing, and frequency of social media use affect trust in fake news, mainstream media, and scientific journals as online science 

news sources. 

METHODS 

This paper reports findings from a crowdsourcing-based experimental study of the factors that influence trust in different online 

news sources. We previously published a preliminary analysis of the first subset of the overall data reported upon in this study; 

due to space constraints the study design is discussed briefly here, but it is explained in more detail in our prior article (Verma 

et al., 2017). It is important to note that, in addition to reporting on a larger sample, this paper reports a different facet of the 

analysis: whereas the previous paper explored clicking behavior and human values, this paper details previously unreported 

data and analysis about demographic factors. 

We approached the design of the study instrument with the goal to approximate the social media-based information environ-

ment as closely as possible. We packaged the study as a Human Intelligence Task HIT to be completed by workers on Amazon’s 

Mechanical Turk (MTurk) platform. Our choice of MTurk was informed by a body of research that indicates that MTurk offers 

a favorable alternative over other commonly used samples such as college student subject pools and generic Internet-based 

surveys in terms of accuracy of results, as well as diversity of demographic factors (e.g., Behrend, Sharek, Meade, & Wiebe, 

2011; Hauser & Schwarz, 2016; Paolacci & Chandler, 2014). The demographic diversity offered by MTurk was a primary 

consideration for our study. MTurk has also previously been used to measure online trust (Golbeck & Fleischmann, 2010). 

Data Collection 

We collected data in two phases separated by a period of approximately eight weeks. In the first phase, we collected data using 

100 HITs (that dataset was reported in Verma et al., 2017), and used an additional 150 HITs in the second phase for a total of 

250 HITs. Within and across both phases, we verified the responses to ensure that none of the workers submitted more than 

one HIT. 

In this paper, we report on the relationship between trust judgments of participants and different hyperlink conditions in relation 

to the answers to a survey asking about demographic factors. Each HIT contained a trust measurement instrument designed to 

visually approximate a Twitter user timeline. Each timeline was a sequence of 10 posts, and for each post we asked the partic-

ipant to indicate on a five-point scale the degree to which they trusted it. This trust measurement scale ranged from “Trust 

Completely” to “Do Not Trust At All” (intermediate values not labeled) and numerically translated to trust scores ranging from 

2 to -2, respectively.  

Each post in a timeline consisted of one scientific claim, and one of five hyperlink conditions: the control condition (no hyper-

link), a hyperlink to an open-access scientific journal article which the scientific claim was based on, a hidden hyperlink that 

redirected to the same scientific journal article (Google, n.d.), a hyperlink to a mainstream media site (Flaxman, Goel, & Rao, 

2016; Silverman, 2016), and a hyperlink to a fake news site (Shao, Ciampaglia, Flammini, & Menczer, 2016). For more details 

about the choice of scientific claims and news sources, and our operationalization of fake news, please see Verma et al. (2017). 

The five conditions mentioned above formed the five levels of a factor we refer to as ‘post type’ in the rest of this paper. We 

assembled a corpus of 10 scientific claims for this purpose by applying the following inclusion criteria: each claim had to be 

published in a peer-reviewed scientific journal; the corresponding scientific journal article had to be linked-to by at least one 

fake news article and one mainstream media article; and each article had to be open-access to allow participants to read the 

article directly. We used the same set of 10 scientific claims for all participants, but randomly paired each claim with one of 

the five hyperlink conditions: No Hyperlink (NH), Fake News (FN), Mainstream Media (MM), Scientific Journal (SJ), or 

Hidden Hyperlink (HH). Overall, the timeline in each HIT consisted of 10 posts, with two distinct posts per post type. 

We also asked participants to complete a survey instrument in which we asked them to provide demographic information such 

as their gender, age, educational attainment, political leaning, and how frequently, if at all, they used social media. For gender 

identity, we asked participants to select from “female,” “male,” and “other” (for the last option we asked participants to describe 

their gender identity in a text input field.) We asked participants to enter their age in years in a text field. We asked participants 

to select from one of five levels to indicate their highest level of educational attainment: "Less Than High School," "High 

School," "Some College," "College Graduate," and "Graduate Degree.” We asked each participant to indicate their political 

leaning on a five-point scale ranging from Conservative to Liberal (intermediate values not labeled). Finally, we asked each 
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participant to indicate how frequently they used social media on a six-point scale: "Do Not Use," "Less Than Once a Week," 

"Once a Week," "Multiple Times a Week," "Once a Day," and "Multiple Times a Day." 

Data Clean-up and Preparation 

For the current analysis, we combined the data from both collection phases to obtain a total of 250 HITs. We had to discard 31 

responses from the first phase, and 14 responses from the second phase because of incorrect answers to the validation question, 

inconsistent answers to repeated questions in the three-part questionnaire, and due to non-completion of HITs. As a result, we 

had 205 valid responses to conduct our analyses. 

To facilitate a simplified analysis of demographic factors and to ensure comparable group sizes within the different demo-

graphic factors, we redefined the number of categories for each demographic factor. For gender, only one participant reported 

their gender as “other”; therefore, to carry out reliable statistical analysis for the effects of gender, we considered data from 

only the 88 female and 116 male participants. We partitioned age into three categories: 18-29 years (n = 74), 30-39 years (n = 

77), and 40 years or older (n = 54). For educational attainment, we partitioned the data into two categories instead of the original 

five: Less than College (n = 106), and College or Higher (n = 99) based on which out of the original five options participants 

had chosen. For political leaning, we reduced the number of nominal categories by collapsing the original data into moderates 

(those who selected the middle option in the five-point scale), conservatives (those who selected either of the two options on 

the conservative end of the scale), and liberals (those who selected the two options on the liberal end of the scale). With this 

reduction of levels, we had a total of 100 liberal, 54 moderate, and 51 conservative-leaning participants. For frequency of social 

media use, we excluded data for the four participants who chose the “Do Not Use” option. We then collapsed the five remaining 

original categories into two: 87 light users (those who responded with either of “Less Than Once a Week”, “Once a Week”, 

“Multiple Times a Week”, or “Once a Day”) and 114 heavy users (“Multiple Times a Day”). 

Data Analysis 

We used the R programming language and the ‘stats’ (R Core Team, 2018), and ‘ggplot2’ (Wickham, 2009) packages for the 

statistical analyses and plots, respectively. To conduct within-subjects analysis, we needed to represent the trust ratings for 

each pair of posts for a post type by a single measure. To assess the aptness of using the mean of the trust ratings as a reliable 

single measure for each such pair we used the Wilcoxon Signed Rank (WSR) test (non-parametric equivalent of the paired t-

test) to check if the two trust ratings for a post type came from the same distribution. We found no evidence to reject the null 

hypothesis—both sets of ratings belonging to the same distribution—for any of the five pairs of trust ratings. Therefore, it is 

reasonable to represent the two ratings per type by their mean. As a consequence of adopting the mean as an approximate single 

measure, and in cognizance of the fact that our original trust scale was ordinal, we chose to use only conservative, nonparametric 

statistical methods for our analysis. 

For each demographic factor, we looked at the data from both within-subjects and between-subjects perspectives. We used the 

Friedman test (non-parametric equivalent of repeated measures ANOVA) to conduct a within-subjects comparison of partici-

pants’ responses (trust ratings) to the different conditions (the five different post types). For demographic factors, we made 

subsets of the data—one for each factor level—and ran the Friedman test for each subset to investigate if participants displayed 

a difference in trust behavior across post types. Every significant Friedman test was followed up with WSR tests to compare 

trust ratings between pairs of post types using the Holm correction to control the family-wise error rate (to account for the use 

of multiple correlation tests). 

To compare trust ratings for a given post type across the levels of a demographic factor, we utilized the Kruskal-Wallis H 

(KWH) test (non-parametric equivalent of ANOVA). We followed up significant KWH tests with Mann-Whitney U (MWU) 

tests (non-parametric equivalent of unpaired t-tests) with Holm correction to control the family-wise error rate (to once again 

account for the use of multiple correlation tests) to compare one factor level to another. In order to determine the direction of 

a significant difference in trust ratings between any two post types for a factor level, we calculated differences in trust ratings 

for all post types and visualized them using boxplots.  

RESULTS 

In this section, we describe multiple boxplots per demographic factor to illustrate our findings. Plot “a” in each figure looks at 

the distribution of trust ratings across the levels of a demographic factor for each post type; pairs with significant MWU p-

values are annotated with levels of significance. Plot “b” in each figure visualizes the distribution of trust ratings across post 

types separately for each level of a demographic factor. Finally, plot “c” in each figure looks at the distribution of differences 

in trust ratings between each of the 10 pairs of post types for each level of the demographic factor; significant results from 

pairwise WSR tests are coded in grayscale. 
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Gender 

As illustrated in Figure 1a, MWU tests did not reveal significant differences between females and males in trust in any of the 

five post types. To look within the results from both of these demographic categories, we used Friedman tests within the female 

(n = 88), and male (n = 116) categories, which revealed significant (p < 0.001) differences for both (Figure 1b).  

Figure 1. Trust and Gender (**: p < 0.01;   *: p < 0.05) 

 
Figure 2. Trust and Age (**: p < 0.01;   *: p < 0.05) 
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As illustrated in Figure 1c, most of the post-hoc WSR tests (Figure 1c) produced similar results for females and males. How-

ever, differences included males giving significantly (p < 0.001) lower trust ratings to fake news posts in comparison to no 

hyperlink posts, significantly (p < 0.01) higher trust ratings to scientific journals in comparison to hidden hyperlink posts, and 

significantly (p < 0.05) higher trust in scientific journals than in mainstream media; for females we did not detect statistically 

significant differences between these respective post types. 

Figure 3. Trust and Educational Attainment (**: p < 0.01;   *: p < 0.05) 

Age 

The three categories of the age variable were: 18-29 years (n = 74), 30-39 years (n = 77), and 40 years or older (n = 54). None 

of the five KWH tests indicated a significant difference within a post type and across the three age categories (Figure 2a). 

However, as suggested by Figure 2b, all three Friedman tests—one for each age category—indicated significantly (p < 0.001) 

different trust distributions for the five post types. Post-hoc pairwise WSR tests revealed that the most number of highly sig-

nificant (p < 0.001) pairwise differences were concentrated in the 30-39 years category (Figure 2c). The 18-29 years category 

was the only one that displayed a significantly (p < 0.01) lower trust in no hyperlink posts in comparison to fake news posts. 

Educational Attainment 

We partitioned educational attainment into two categories: Less than College (n = 106), and College or Higher (n = 99). MWU 

tests did not reveal any significant differences between the two educational attainment levels for any post type (Figure 3a). 

However, Friedman tests for both levels were highly significant (p < 0.001), as is evident based on Figure 3b. Post-hoc pairwise 

WSRs revealed some significant differences in trust distributions for the different post types for each educational attainment 

category (Figure 3c). Less than College had significantly (p < 0.05) lower trust in no hyperlinks as compared to fake news, and 

significantly (p < 0.05) higher trust in scientific journals relative to hidden hyperlinks, while College or Higher did not evidence 

these significantly different relationships.  

Political Leaning 

We had a total of 100 liberal, 54 moderate, and 51 conservative participants. As the boxplots in Figure 4a show, KWH tests 

revealed that there were significant differences between the trust distributions of the three political leanings for fake news, 

mainstream media, and scientific journal post types. Post-hoc pairwise MWU tests revealed that conservatives trusted fake 

news significantly (p < 0.05) more than moderates, liberals trusted mainstream media significantly (p < 0.05) more than mod-

erates, and liberals trusted scientific journals significantly more than moderates (p < 0.05) and conservatives (p < 0.01). 

Friedman tests within each level of political leaning revealed highly significant (p < 0.001) differences across the five post 

types. As shown in Figure 4b, the differences in trust distributions are especially pronounced for liberals and moderates. Post-
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hoc pairwise WSR tests revealed pairs with significantly different trust distributions for each political leaning. As evident in 

the trust difference boxplots in Figure 4c, of the 10 different comparisons among the 5 post types, we found 8 significant 

differences for liberals, 6 for moderates, and 4 for conservatives. Importantly, liberals and moderates rated fake news as sig-

nificantly less trustworthy than mainstream media, scientific journals, and hidden hyperlinks (for liberals, all three were at p < 

0.001); contrastingly, for conservatives, none of these differences were significant. Thus, while liberals and moderates 

  

Figure 4. Trust and Political Leaning (**: p < 0.01;   *: p < 0.05) 

 
Figure 5. Trust and Social Media Use Frequency (**: p < 0.01;   *: p < 0.05) 
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differentiated between hyperlinks to fake news and other hyperlinks, conservatives placed the same trust in fake news hyper-

links as other hyperlinks.  

Frequency of Social Media Use 

Based on self-reported frequency of social media use, we separated the participants into two categories: light users (n = 87) 

and heavy users (n = 114). MWU tests revealed that heavy users of social media platforms gave significantly (p < 0.05) lower 

trust ratings to fake news posts than light users (Figure 5a). Friedman tests for both categories revealed highly significant (p < 

0.001) differences across post types (Figure 5b). We followed those results up with pairwise WSRs for both categories (Figure 

5c) and found three notable differences between the results for the two categories: light social media users placed more trust in 

fake news than in no hyperlinks (p < 0.05), while heavy social media users placed more trust in hidden hyperlinks than in fake 

news (p < 0.001). 

DISCUSSION 

Based on these results, it is evident that political leaning and frequency of social media use are both significantly correlated 

with different levels of trust in different types of online news sources. Specifically, conservatives placed more trust in fake 

news than moderates; this finding is very interesting in contrast with the Gallup/Knight Foundation Survey, which found that 

conservatives perceive fake news as a greater threat than do moderates or liberals. However, as the authors of that report note, 

there are various definitions of fake news, and conservatives are more likely to associate mainstream media as representing 

fake news (Gallup, 2018), a message that is frequently amplified by President Trump from his podium and his Twitter account. 

Similarly, liberals place significantly more trust in mainstream media than moderates, reinforcing the degree to which percep-

tions of media bias have turned off moderates. It is interesting to note that while many of the mainstream media outlets selected 

are frequently accused of exhibiting a liberal bias, such as CNN and The Washington Post, we also included articles from Fox 

News, which is typically claimed to hold a conservative bias. Perhaps, in our current politically polarized environment, it is 

difficult for moderates to trust any media outlets, whether mainstream media or fake news such as InfoWars or Natural News. 

Further, liberals expressed significantly more trust in scientific journals than conservatives or moderates. This finding is con-

sistent with research by the Pew Research Center (2017c), which found that liberals tend to place more trust in science maga-

zines than moderates and conservatives and were also less likely to assert that scientists overstate their research findings’ 

implications. This finding is also consistent with a broader trend toward distrust in various forms of expertise, particularly 

among conservatives (Baumgaertner, Carlisle, & Justwan, 2018). Thus, this paper helps to reinforce the finding that trust is 

eroding in experts, particularly among conservatives but also among moderates (or, from another perspective, is perhaps re-

maining irrationally high among liberals). Interestingly, one way to interpret this finding is the postmodern chickens coming 

home to roost, as the social constructivist view of science that was initiated by primarily liberal social scientists in fields such 

as science and technology studies have increasingly found their rhetoric co-opted by conservative politicians (Fuller, 2017). 

For frequency of social media use, the lower trust in fake news among heavy social media users corresponds with findings in 

the literature that greater use of social media causes individuals to be more critical consumers of online news (Tsfati, 2010). 

Interestingly, this means that those who are most exposed to fake news online are arguably the least susceptible to it, at least 

with major known fake news sites such as Natural News and (perhaps particularly, given its immense notoriety) InfoWars. In 

this sense, frequent use of social media may help one to make informed judgments about known fake news websites. However, 

it would be interesting to see if this trend was consistent with less well known fake news sites. If it is the name recognition that 

triggers the lower degree of trust, then this ability to discern fake news may exhibit similar limitations to internet filters that 

rely on blacklisting; since it is generated from experience, it may be more effective when dealing with established websites 

than with newer websites. However, future research including examples of both would be necessary to tease out this difference. 

Limitations and Future Research Directions 

Our study does have limitations that could be addressed through future research. First, the scope is limited to information origi-

nating in scientific journals, and more specifically, in open-access journals, and in turn picked up and reported in both mainstream 

media and fake news outlets. We made every effort to randomize the experimental design to ensure that participants saw the 

different claims under different conditions, but given the size of our sample, it is possible that seeing particular treatments of 

particular information within particular venues might present confounds. The ideal scenario would be if there were, for example, 

10 scientific claims that were passed through the same scientific journal, the same fake news site, and the same mainstream media 

site (e.g., PLoS ONE, InfoWars, and The LA Times, respectively), to allow for better control of the venue. Similarly, it would also 

be helpful if the same scientific finding was spread through many different fake news and mainstream media sites, as well as 

science magazines, to allow for better control of the impact of the finding itself. Such an approach could be more feasible with 

constructed pages, but the tradeoff would be losing the naturalistic approach of this study, and the authenticity of the URLs in 

question (and indeed, would create an ethical paradox in terms of, for example, creating fake news to study trust in fake news). 



 

 
ASIS&T Annual Meeting 2018 532 Papers 

Second, by asking participants to indicate their political leaning, we relied on their conception of political leaning. While their 

self-identification could be taken as the ground truth, their construal of political leaning could be confounded. As Everett (2013) 

points out, it is possible for an individual to measure on opposite ends of social conservatism and economic conservatism 

scales. Henningham (1996) argues that characteristics—such as values and acceptable behavior—of communities may evolve 

with time to such an extent as to render scales measuring social norms and attitudes as products of their “day and age” (Hen-

ningham, 1996). While there are no unanimously accepted scales to measure political and ideological attitudes, recently some 

scales such as the 12-item Social and Economic Conservatism Scale (Everett, 2013) have been proposed, and future studies 

could adopt such existing instruments, or develop new ones, to move away from relying on pure self-report data. 

Third, based on the design of our study, we were unable to control clicking and browsing behavior, or to observe browsing. 

While we did measure and analyze the clicking behavior (Verma et al., 2017), this is a weak proxy for browsing behavior, as 

clicking on a link does not guarantee actual reading of the linked page. This shortcoming is particularly problematic for the 

hidden hyperlink condition of this study, although it is important to note that it was intended more for the study of clicking 

behavior than for how trust is influenced by demographic features. One approach would be to conduct a similar study within a 

controlled environment, such as a usability lab. In a usability lab, it would be possible to employ technology such as eye 

tracking to observe how participants interact with the web pages. Eye tracking data such as fixations, saccades, and scanpaths 

could help to determine whether there is a relationship between participants’ trust judgments and cognitive activity, and the 

nature of that relationship if it exists. In such a setting, it would also be possible to conduct a more thorough interview following 

the study. 

CONCLUSION 

This study found that conservatives place higher trust in fake news than moderates (p < 0.05), liberals place higher trust in 

mainstream media than moderates (p < 0.05), liberals place higher trust in scientific journals than conservatives (p < 0.01) and 

moderates (p < 0.05), and less frequent social media users place higher trust in fake news than more frequent social media users 

(p < 0.05). These results offer evidence that political leaning and frequency of social media use both influence trust in fake 

news online, while political leaning also influences trust in mainstream media and scientific journals. These findings shed new 

light on the important issue of trust in news sources, illustrating the importance of considering political leaning and frequency 

of social media use in assessing trust in different news sources online. These results further underscore the current degree of 

polarization present in the American public’s perceptions of different media outlets. In addition, these findings suggest that 

gender, age, and educational attainment are less critical in influencing how individuals trust news sources online. They also 

illustrate that frequent social media users, who might be most exposed to fake news, may be the least susceptible to trusting 

and believing it. Based on these findings, we conclude that there is a particular need for educating less frequent social media 

users about the potential dangers of fake news, and that there is also currently a gap in finding a common news outlet that is 

trusted by conservatives, moderates, and liberals; unavoidably, it appears that all information is now filtered through our polit-

ical lens, creating a challenge for forming and maintaining a shared collection of trusted information that brings American 

society together rather than pulling it apart. 
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